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NPD relies on customer feedback (Swink and Song, 2007, Cooper 1990, 2019)

§ Online product reviews can provide targeted
product feedback (Zhan et al., 2020; Siekmann et al., 2023)

§ Advances in data science lower technical barriers
for online product review analytics (Huang et al., 2019)

§ The industry widely adopts social media analytics 
(Zhan et al., 2020, European Commission 2020)

à Manufacturing companies struggle with customer feedback integration (Cooper, 2019). 

But: Firms struggle to fulfill expectations (Buffoni et al., 2017)

§ 50 percent of product launches do not meet targets, Failure rates > 40% in the retail sector
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Developers and Bounded Rationality (Simon 1979)

§ A broader spectrum of voices compared to lead users poses a cognitive burden (Watts 2009, Parssian et al. 2004)

§ No integration of uncertain review data due to satisficing mechanisms (Simon, 1979)

§ Anonymity and spatio-temporal distance impair interpersonal trust as a cognitive shortcut 

Data quality assessment problem: 

§ Poor data quality is a major barrier for advanced data strategies (Lavalle et al., 2011)

§ Approaches to control for Intrinsic data quality in operations management literature (e.g. Hazen et al., 2014)

§ Contextual data quality is widely neglected (Siekmann et al., 2022)

à Developers need tools for reviewer trustworthiness assessment to clarify contextual data quality
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Behavioral Visibility to Facilitate Trust

à Integrating behavioral visibility from reviewer profile may aid trustworthiness assessment

§ “(…) The socio-material performance of the behavior of people (…) in a format that can be observed by 
third parties through minimal effort such that patterns or motives can be inferred.” (Leonardi & Treem 2020)

§ Reviewer information informs trustworthiness assessment (Ghose & Ipairotis, 2008, Forman et al., 2008, Mudambi & Schuff 2011, …)

§ Reviewers behavioral information is typically accessible via: 

(1) Product Page (2) Reviewer Profile
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Related Literature and Research Questions

RQ1: How can reviewers' historic behavioral visibility be used to design a tool that aids 
managerial trustworthiness assessment?

RQ2: To what extent does behavioral visibility affect new product developers intention to use 
online product review analytics?

§ Consumers leverage behavioral visibility (Ghose & Ipairotis, 2008, Forman et al., 2008, 
Mudambi & Schuff 2011, Banerjee et al., 2017; Hou et al., 2017, …)

§ Specific Ranking of Behavioral Visibility Factors (Hou et al., 2017)

§ Moderating role of behavioral visibility factors (Banerjee et al., 2017)

But: 
§ No comprehensive integration of (2) profile review data
§ Experiments: more complex managerial interpretation (Banerjee et al., 2020)

(Banerjee et al., 2017)
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Design Science Principles (Pfeffers et al., 2007)

Development

§ Qualitative Expert interviews
§ 10 Product Developers
§ 1-2h interview length

§ Deductive QCA (Mayring, 1991)

§ Data Quality
§ Behavioral Visibility
§ Reviewer Trustworthiness
§ Intention to Use

Demonstration

§ Data mining
§ 760 reviews
§ latest10 reviews per reviewer

§ Review(er) Properties: 
Depths, Helpfulness, Valence, Sentiment
§ Social set & Visual. analysis (Choi et al., 

2018, Vatrapu et al., 2015)

§ Quadrant topic modeling
§ LDAvis (Sievert & Shirley, 2015)

§ 5 topics per quadrant for 
comparison (à proof of concept) 

Evaluation

§ Quantitative Survey 
§ 141 Product developers (Forza, 2002)

§ PLS – SEM (Hair et al., 2022)

§ Latent constructs:

§ Behavioral Visibility (developed based on 
Hou et al. 2017, Banerjee et al., 2017, …)

§ Reviewer Trustworthiness (Mayer et al., 
1995)

§ Intention to Use (Venkatesh et al., 2003) 

à Design science to solve real-world problems by creating and evaluate IT artifacts 
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Development and Demonstration

x

à Behavioral Visibility as a prerequisite

Ò test

à Proof of concept:  Unique quadrant insights

§ Relevancy of customer 
feedback as the main 
data quality concern

§ Behavior-based visibility 
as an antecedent, not a 
moderator for building 
trust 

§ Only specific behavioral 
characteristics built trust 
and qualify for data 
usage

RQ1: How can behavioral visibility be used to aid trustworthiness assessment?

Example: Depths

§ High/high: functionalities
 
§ High/low: standout features 

§ Low/high: less product-
specific 

§ Low/low: brief opinion

§ (Similar patterns for 
helpfulness, sentiment and 
valence)
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Evaluation

Ò x

à Full mediation, no moderation effect. Developers demand Sociability, Identity & Objectivity info

RQ2: To what extent does behavioral visibility affect intention to use OPR analytics?

§ Behavioral Visibility as an antecedent

§ Highly significant indirect effect of BV 
on Intention to Use through 
Trustworthiness (B=0.404, p<0.001). 

§ Significant Factors of Behavioral Visibility:

1. Sociability**    B=0.429.   (p=0.015)
2. Identity**   B=0.278    (p=0.019)
3. Positivity*   B= 0,227.  (p=0.036)
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Measurement Model Interpretation
Behavioral Visibility (à Hou et al., 2017, Banerjee et al, 2017)

§ Overall much weaker paths compared to patterns in website data (secondary vs primary data collection)

Reviewer Trustworthiness (à Hallikainen & Laukkanen, 2021)

§ Alignment with previous study in Finland, but not China (in consumer decision-making)

§ German developers seem not to expect reviewer domain ability (skills & competencies) 

Intention to Use (à Autry et al. 2010, Verma et al. 2018)

§ Contrasting results in this study emphasize effort expectancy over performance expectancy

à Surprising deviations in the latent construct measurement
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Limitations and Future Research

Methodological limitations 

§ Expert interviews & Survey: Sample Size, Intercoder-reliability and Behavioral Visibility operationalization

§ Data mining: Optimization of informational quadrant outputs, rather than comparison in this proof of concept

Conceptual limitations: 

§ Behavioral visibility factors:  Differences depending on the social media platform used?

§ Reviewer trustworthiness:  Cultural Influence on the ability, benevolence and integrity ratio?

§ Intention to Use:   Effect of technology maturity or job profiles and task characteristics? 

à Further research across data sources and jobs, and cultural settings required



Fabian Siekmann

Institute of Project Management and Innovation 
University of Bremen, Faculty of Business Studies and Economics 

Conclusion

Re. RQ1:
Behavioral visibility can be leveraged as a pre-filter for identifying relevant data from trusted reviewers

Re. RQ2: 
Behavioral visibility has a significant indirect effect on behavioral intention in managerial decision making

Practical implications for information system design:
1. Establish baseline trustworthiness based on Identity + Sociability
2. Leverage reviewing behavioral patterns, such as Positivity, that users find interesting 
3. Enable to combine patterns depending on the user's job and task, to flexibly increase data Relevancy

à Do text mining tools need more user-specific context to bridge between theory and practice?


